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Abstract

This thesis examines whether a beauty premium exists in Women's National Basketball
Association (WNBA) salaries by analyzing the relationship between facial attractiveness and
player compensation from 2022 to 2025. While prior economic research shows that more
attractive individuals often earn higher wages, it remains unclear whether these effects persist in
women’s professional basketball. The WNBA offers a useful setting due to its binding salary

cap, standardized contracts, and compressed wage distribution.

Using 435 player-season observations, this study measures attractiveness through Al-
generated facial symmetry scores based on standardized roster photos. Salary is defined as the
natural logarithm of base pay, and cross-sectional regression models are used with controls for
performance, experience, position, and institutional factors. Additional analyses examine salary

growth and positional differences.

The results show no consistent evidence of a general beauty premium in WNBA salaries.
Although facial symmetry has a weak positive correlation with salary in simple models, the
effect disappears after accounting for performance and structural constraints. Compensation is
primarily driven by productivity and league rules. However, some nuances emerge: a small
significant effect appears in 2025, and attractiveness is positively associated with salary among

guards, suggesting visibility may matter. Attractiveness does not predict salary growth over time.

These findings indicate that beauty premiums are context dependent. In a regulated
league like the WNBA, attractiveness does not systematically increase pay. However, future
changes, such as expanded salary caps, may create more space for marketability-related traits to

influence earnings.



Introduction

Despite rapid growth in women’s professional sports, compensation remains highly
constrained and unequal relative to male sports. This raises an important question about how
player value is determined: are salaries determined purely by performance, or do non-

performance characteristics, such as beauty, also play a role?

According to McKinsey & Company, between 2022 and 2024, revenue from women’s
sports grew 4.5 times faster than men’s sports. In addition, McKinsey projections estimate that
women’s sports could generate $2.5 billion annually by 2030, representing a 250 percent
increase from 2024 levels. However, women’s sports still account for less than 2 percent of the
$75 billion U.S. sports market. Much of this growth comes from existing consumers of men’s
sports rather than new fan bases. This expansion, combined with persistent pay disparities, raises
questions about how value is assigned within women’s professional leagues. This paper asks
whether a beauty premium exists in WNBA salaries after controlling for performance,
experience, and institutional constraints, and whether this relationship varies across playing
positions. A beauty premium is defined as a positive association between facial symmetry and
base salary, holding constant performance, experience, and institutional constraints. This study
provides the first empirical test of a beauty premium in WNBA base salaries within a salary-

capped league.

A large body of economic research examines the relationship between physical
attractiveness and labor market outcomes, commonly referred to as the “beauty premium.” It has
been established that across occupations and countries, after controlling for education and human

capital, attractive individuals tend to earn higher wages and receive more favorable evaluations



(Hamermesh & Biddle, 1994; Harper, 2008; Johnston, 2010; Borland & Leigh, 2014). However,
the factors determining this premium remain debated. Prior research attributes beauty premiums
to several mechanisms, including employer perceptions, productivity signals, and consumer
demand. Experimental and audit-based studies show that attractive individuals receive more
favorable evaluations and hiring outcomes even when productivity is identical (Mobius &
Rosenblat, 2006; Boo et al., 2013). These findings suggest that beauty premiums may persist

even when productivity measures are observable.

In highly visible occupations, attractiveness may also increase revenue through consumer
demand, as audiences often respond more positively to individuals perceived as attractive
(Cavico et al., 2012; Borland & Leigh, 2014). Prior research suggests that beauty premiums arise
through both valuation effects and indirect productivity channels, making it necessary to
distinguish between appearance-driven productivity and appearance-driven perception. This is
particularly relevant in professional sports. Performance is measurable but visibility and
consumer demand remain central to revenue generation. Unlike traditional labor markets,
athletes’ compensation is influenced not only by employers but also by fans, sponsors, and
media, making appearance potentially more influential (Wicker et al., 2019; Lindell & Lindell,
2014; Belasen & Belasen, 2019; Lopes & Nagel, 2025). Appearance may also influence long-

term career outcomes through cumulative advantages in education and opportunities.

The question, does a beauty premium exist in the WNBA, matters for two reasons. First,
if compensation in the WNBA reflects non-performance traits in a setting where productivity is
observable, this challenges standard models of wage determination based on marginal revenue

product. Second, clarifying whether appearance-based valuation exists within women’s



professional sports contributes to the literature on gendered labor markets and economic

discrimination in industries with high visibility.

In the recent era of social media, sponsorship-driven compensation is intensifying the
criticism athletes face on their appearance. Media coverage and public commentary highlight this
expectation of femininity on and off the athletic stage, with many headlines commenting on both
the femininity and masculinity of female athletes. These patterns suggest that labor market
returns for female athletes may reflect not only performance in their sport, but also marketable

traits that influence consumer engagement and commercial value.

The Women’s National Basketball Association (WNBA) provides a well-suited
opportunity to examine this issue. Established in 1996, the league is experiencing substantial
growth in recent years. League revenue more than doubles between 2019 and 2024 (Blasi, 2024).
The regular-season television viewership increases by approximately 30 percent, attendance rises
by 48 percent, and merchandise sales increase dramatically (Blasi, 2024). Despite this growth,
salaries remain stagnant relative to men’s professional basketball. The highest-paid WNBA
players earn below $300,000 annually, compared to the NBA where the average salary exceeds

$10 million (Blasi, 2024).

The WNBA operates under a collective bargaining agreement (CBA) that places a
binding salary cap on teams and compresses wage dispersion across the league. Teams construct
rosters where the total of all the salaries remains under the designated salary cap. Rookie-scale
contracts under the CBA are based on draft position and years of experience. This institutional
structure limits teams’ flexibility in allocating salaries based purely on perceived star power or

marketability, along with the requirement of a minimum of 11 players rostered at a time. The



salary-cap under the CBA for the WNBA is also significantly lower than comparative
professional sports leagues with a CBA. As of 2025, the WNBA has one of the lowest salary
caps in professional sports, at 1.5 million dollars per team. In comparison, the National Football
League had a cap of 300 million, the National Basketball Association had a cap of 150 million
and the National Women Soccer league had a cap of 3 million per team. As a result, if a beauty
premium exists, it must operate within these formal constraints. This structure makes the WNBA

a unigue setting to test whether non-performance traits influence compensation.

Despite extensive work on beauty premiums, sports compensation, and gendered media
representation, little empirical work examines whether a beauty premium exists within the
WNBA (Munro-Cook, 2024). The scholarship has analyzed comparisons between the WNBA
and NBA (McGoldrick & Voeks, 2005; Tagle, 2018; Hinkle et al., 2021; Agha & Berri, 2023).
Regarding the WNBA, researchers study the individual league structure, especially due to recent
growth (Walker et al., 2012; Berri & Krautmann, 2013; Berri, 2019; Munro-Cook, 2021).
Scholars also analyze the gender wage gap between male and female basketball players (Berri,
2025), along with the influence of star players (Gomez et al., 2009; Zimmer et al., 2025).
Researchers have identified own-race bias among fans (Harris & Berri, 2016), in addition to a
multitude of analyses on the impact of media representation of players (Baroffio-Bota & Banet-
Weiser, 2009; Zhang et al., 2011; Liao, 2014; Pegoraro et al., 2021). While prior research
highlights structural and representational dynamics within the WNBA, it does not examine
whether appearance-related expectations translate into measurable differences in player
compensation. To date, no study directly tests whether physical attractiveness influences WNBA
base salaries while accounting for positional heterogeneity and institutional salary constraints.

This paper provides the first direct empirical test of a beauty premium in WNBA base salaries



within a salary-capped league of 1.5 million dollars and shows that appearance-based wage

premiums may not emerge in more constrained settings.

This study examines whether a beauty premium exists in WNBA base salaries using
player-level data from the 20222025 seasons. Facial attractiveness is measured using Al-
generated facial symmetry scores derived from standardized roster photographs, providing an
objective and consistent proxy for beauty. Salary is measured as the natural logarithm of base
salary, and the empirical analysis uses cross-sectional regression models estimated separately by
year, along with salary growth specifications. The models control for detailed performance
metrics, including games played, minutes, and total points, as well as player characteristics such
as age, height, position, and rookie contract status, in addition to team and year effects. This
approach allows for identification of the conditional relationship between attractiveness and

compensation within a tightly constrained salary structure.

The results provide no consistent evidence of a general beauty premium in WNBA base
salaries. Facial symmetry shows a weak correlation with salary at first. But once performance
and institutional controls are added, the relationship disappears. Teams primarily base
compensation on measurable productivity and league-imposed constraints. However, the analysis
reveals important nuances: a small positive effect emerges in 2025, and attractiveness is
significantly associated with higher salaries among guards, suggesting that returns to beauty may
be concentrated in more visible roles. Attractiveness does not predict salary growth, indicating
that it does not generate cumulative earnings advantages over time. Overall, the findings suggest
that in a salary-capped league like the WNBA, non-performance traits such as attractiveness do

not systematically translate into higher pay.



The remainder of the paper proceeds as follows: Section 2 develops the conceptual
framework, Section 3 describes the data, Section 4 outlines the econometric specification,

Section 5 presents results, and Section 6 concludes.

Conceptual Framework

In professional sports labor markets, salaries are found to be theoretically determined by
marginal revenue product (Scott et al. 1985; Rosen & Sanderson, 2001; Berri et al. 2015).
Compensation reflects the revenue generated through on-court productivity, which is observable
and measurable through detailed performance statistics. Based on economic theory, if wages are
determined by purely productivity, then unrelated traits (i.e., physical attractiveness) should not
influence salary. Although economic theory says wages should depend only on productivity,
research in labor and sports economics suggests that attractiveness affects valuation in ways not
explained by measurable output (Hamermesh & Biddle, 1994; Mobius & Rosenblat, 2006;

Hamermesh, 2011; Berri et al. 2011).

Professional sports provide a natural testing ground for identifying beauty premiums
because athlete productivity is observable and quantifiable. The sports economics literature
reveals three ways in which attractiveness may influence economic outcomes: evaluation bias,

consumer demand effects, and direct compensation mechanisms.

First, several studies emphasize evaluation bias in athletic performance assessments.
Berri et al. (2011) find that more attractive NFL quarterbacks receive more favorable
evaluations. This correlation was even after controlling for objective performance measures (i.e.,
yards, touchdowns, interceptions). Park et al. (2007) find that passer ratings are associated with

greater attractiveness scores. This relationship suggests that performance evaluations may be



influenced by appearance, even in spots where objective metrics are available. This highlights

the importance of controlling for role-specific differences.

Second, research highlights consumer demand channels. Attractive athletes generate
higher television ratings and audience engagement (Dietl et al., 2020; Meier & Konjer, 2015),
implying that beauty may increase marginal revenue product through fan response and media
visibility. In such cases, attractiveness functions not as a market distortion, but as a profit-

enhancing attribute shaped by consumer preferences.

Gender norms and media framing may also influence how female athletes are valued in
professional sports. Prior research finds that women athletes are often portrayed in ways that
emphasize appearance, femininity, or personal identity rather than athletic performance (Geurin-
Eagleman & Burch, 2016; Henderson et al., 2018). For example, Snyder (2018) finds that beauty
and race influence selection decisions in women’s soccer, while Henderson et al. (2018)
highlight feminist and commercial tensions that exist in marketing for women’s sports. These
dynamics may influence compensation by increasing media exposure, sponsorship opportunities,

thereby raising the potential revenue generated by certain athletes.

Recent research extends this analysis to digital media environments. Lopes and Nagel
(2025) find that WNBA players’ Instagram engagement reflects alignment with prevailing
accepted beauty norms. Guérin-Eagleman and Burch (2016) find systematic gender differences
in visual self-presentation within Olympic coverage. Female athletes are more likely to be
portrayed to emphasize appearance, femininity and personal life, while males are framed more in
terms of athlete performance and achievements. Additional evidence from television ratings and

merchandise sales indicate that appearance-related traits shape audience demand (Meier &



Konjer, 2015; Belasen & Belasen, 2019). Together, these findings imply that attractiveness
functions not as an aesthetic attribute but as a market-relevant signal embedded in media

economies.

While existing scholarship underscores how appearance shapes representation,
engagement, and endorsement opportunities, it does not directly test whether these effects
translate into measurable base salary differences within the WNBA. By directly testing whether
facial symmetry predicts salary, this analysis extends the literature by testing whether facial
symmetry predicts compensation while controlling for performance, positional roles, and

institutional salary constraints.

Third, several works identify direct salary effects. Studies on golf and tennis find that
attractive athletes earn higher prize money and endorsement returns (Ahn & Lee, 2014;
Bakkenbll & Kiefer, 2015). Parshakov et al. (2024) outlines a positive association between
facial symmetry and base salaries in Major League Soccer. However, most of this research
focuses on male athletes or individual sports. Professional sport leagues that have collective
bargaining agreements introduce institutional constraints that can limit the degree that non-
performance traits may translate into compensation. This makes the WNBA a setting for testing

whether a beauty premium may persist within a tightly regulated salary structure.

While economic theory predicts wages depend on productivity, research shows
attractiveness also affects valuation (Hamermesh & Biddle, 1994; Mobius & Rosenblat, 2006;
Hamermesh, 2011; Berri et al. 2011). Even when performance is observable, decision-makers
associate attractiveness with traits such as leadership, confidence, or marketability. These

perceptions impact how a player is valued during contract negotiations or internal salary
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allocation decisions, especially within league-imposed constraints such as the CBA. If more
attractive players are perceived as generating greater off-court revenue, fan engagement, or brand
appeal, teams assign them a higher overall value. Attractiveness then increases perceived
marginal revenue product beyond what is captured in observable on-court performance statistics,

thus leading to higher compensation not correlated to on-court productivity.

Attractiveness also affects a player’s perceived revenue generation by a team. If fans
react more positively to specific visual traits, or if media coverage highlights more attractive
athletes, teams may view these players as generating more overall value, and therefore worth
more investment. For example, attractive players enhance fan engagement, increase media
visibility, or strengthen sponsorship appeal, all of which contribute to team revenue beyond on-
court statistics such as points or rebounds. This becomes particularly relevant when team budgets
are financially constrained, which becomes relevant to the WNBA which is operating at a loss
each year until 2025 (Barnes, 2026). While this analysis does not directly test off-court revenue
channels, it does test whether attractiveness predicts compensation conditional on measurable
performance. Any association would therefore suggest that compensation reflects factors beyond

observable productivity.

In addition to these direct channels, attractiveness operates indirectly through
productivity. Research on cumulative advantage suggests that attractive individuals receive
differential treatment earlier in their careers, including greater access to development
opportunities and visibility (Merton, 1968; Correll, 2004; Ambady & Rosenthal, 1992) which
can compound over time and lead to wider disparities in wages in a professional setting. In
sports, such advantages early on in an athlete’s career (i.e., better coaches, elite teams, more

exposure) translate into measurable differences in performance (Rosen, 1981; Berri et al. 2011).
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If attractiveness influences human capital accumulation or developmental pathways, part of any
observed salary premium reflects productivity differences from developmental years that are

shaped by appearance.

The WNBA provides an especially useful setting to examine these mechanisms. Because
player productivity is quantifiable, it is possible to include detailed performance controls when
estimating salary factor determinants. This allows for a test of whether attractiveness contributes
independently to compensation after accounting for measurable output, positional roles, tenure,
and institutional constraints. At the same time, visibility and offensive impact differ across
positions in basketball, suggesting that the economic impact of attractiveness varies by role.
While multiple channels are discussed, this paper focuses specifically on whether these

mechanisms translate into base salary differences.

This framework leads to three primary hypotheses. First, after controlling for
productivity, position, and institutional constraints, attractiveness is positively associated with
WNBA player salary. Second, the association between attractiveness and salary varies across
positions, reflecting differences in on-court visibility and role prominence. Third, physical
attractiveness is positively associated with on-court productivity, suggesting that attractiveness

influences compensation indirectly through performance.

There are several potential challenges in estimating whether a beauty premium exists in
the WNBA. First, beauty influences playing time, which then affects salary. If more attractive
players receive more media attention or fan engagement, they may be given more minutes on the
court that indirectly affects salary. Salary is related to performance and playing time, which

creates a situation where beauty could indirectly affect salary through productivity. This makes it
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difficult to fully separate the direct effect of attractiveness from its indirect effects. Second,
omitted variables exist that are not directly measured in the data that is in use. Traits such as
charisma, confidence, media presence, or leadership ability are related to both attractiveness and
compensation, however, are harder to measure objectively. If these characteristics are not
captured in performance statistics or other controls, the estimated beauty effect reflects these
broader qualities rather than facial symmetry alone. Finally, reverse causality is unlikely but
remains worth mentioning. Higher-paid players receive more media exposure or professional
styling, which affects how they appear in official photographs. However, because facial
symmetry is largely biologically determined and stable in adulthood, this concern is limited. For
these reasons, the results in this paper should be interpreted as showing a conditional relationship
between beauty and salary rather than a strictly causal effect. The empirical analysis includes
detailed performance controls and institutional factors to better isolate the association between

attractiveness and compensation within the WNBA.

Overall, these mechanisms suggest that attractiveness can affect compensation both
directly and indirectly. If attractiveness increases perceived marginal revenue product, via
marketability, fan response, or developmental advantages, then compensation incorporates
appearance-related factors even after accounting for observable performance. The empirical
analysis therefore tests whether attractiveness is associated with salary within the institutional

structure of the WNBA, conditional on observable performance and other controls.

Data
This study combines player, team, salary, and physical-attribute data from three primary
sources covering the Women’s National Basketball Association (WNBA). Player performance

statistics, team rankings, positions, prior-season indicators, and coach characteristics are obtained
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from Basketball-Reference. This source provides detailed individual-level performance statistics,
including games played, minutes played, and field goal outcomes, as well as team-level rankings
and coach gender. Player compensation data are obtained from Spotrac, which reports WNBA
salary information by season, including base salary and total cash earnings. Physical
characteristics and standardized roster photographs were collected from the official WNBA
website. The official headshot photographs are used to calculate the facial-symmetry-based
beauty scores. Players were matched across the three sources by their name. Manual verification

ensures there are no duplicate players.

The dataset consists of professional female basketball players competing in the WNBA.
The sample consists of rostered players across multiple teams and seasons. Players vary in age,
height, position, experience, and on-court performance, allowing for within-league variation in
productivity and compensation. Salary outcomes are measured using compensation data from the
2022 through 2025 seasons from Spotrac. Player performance statistics and team characteristics
are drawn from the same period. Due to data availability constraints, roster photographs used to
calculate facial symmetry scores are drawn from only 2025, as consistent historical photographs

are not available for all players in earlier seasons.

The data are structured as a time series panel. The final sample consists of 435 player-
season observations across 12 WNBA teams. Cases with incomplete salary or roster photos are
excluded. Not all players appearing between 2022 and 2024 are included in this dataset. Only
players with official roster photos in 2025 are included due to data availability constraints. There
are approximately 150 unique players from 2025, out of the 156 active roster positions across the
league. The analysis treats beauty as a fixed, time-invariant attribute and links it with time-

varying performance and salary data. This approach relies on the assumption that facial
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symmetry does not meaningfully change over the 2022-2025 period. Given that facial bone

structure and symmetry are largely stable in adulthood, this assumption is consistent with prior
literature (Huran & Adam, 2023; Ali & Cui, 2025) and is unlikely to introduce substantial bias.
Since beauty is measured once in 2025 and assumed time-invariant, the panel consists of time-

varying outcomes and controls that are linked to a fixed individual-level attractiveness measure.

To quantify physical attractiveness and isolate a measurable beauty premium, this study
creates an objective beauty score for each player based on facial symmetry and facial-structure
metrics. Facial symmetry is used to minimize subjective bias inherent in human attractiveness
ratings and to ensure consistency across observations. It is chosen as an objective proxy for
attractiveness, as it is strongly correlated with perceived beauty in prior literature (Rhodes et al.,
1998; Zaidel & Cohen, 2005; Zaidel & Hessamian, 2010). Recent advances in machine learning
allow facial features to be converted into numerical measures, enabling large-scale, consistent
analysis of attractiveness (Harun et al., 2023; Guo et al., 2023; Ali & Cui, 2025). This approach

allows analysis of many players without relying on subjective survey ratings.

Identifying a beauty premium in athletics requires separating the effect of appearance
from performance and positional value. Research on professional sports wages finds pay
differences by role, contribution, and visibility (Ehrlich et al., 2019; Potter & Ehrlich, 2022;
Ehrlich et al., 2021; Liu, 2024; Pan et al., 2025). Park et al. (2007) find that facial attractiveness
is not randomly distributed across players within the context of professional football. More
attractive quarterbacks receive higher performance evaluations, and passer ratings are positively
associated with attractiveness scores. These findings suggest that attractiveness may correlate
with positional evaluation and measured performances, reinforcing the importance for

controlling for role-specific differences. Because offense roles, media exposure and fan attention
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vary across positions in the WNBA, failing to account for these structural differences could

impact estimates of attractiveness effects.

Beauty is measured using the Al-based platform Pretty Scale, following the approach of
Diet et al. (2022), who employ the same tool in their analysis of professional tennis players.
Other studies, including Berri et al. (2011) and Guo et al. (2023), similarly rely on a single
computer program to calculate the metric for attractiveness. While no measure perfectly captures
perceived beauty, Al-based symmetry metrics provide a standardized and replicable proxy from

quantifiable facial structure.

All facial-symmetry Al systems follow a broadly similar computational framework. Each
tool first detects key facial landmarks (e.g., eyes, eyebrows, nose, mouth, jawline, and
cheekbones) using computer vision models trained for facial recognition and feature mapping.
The algorithm then estimates a vertical facial midline intended to divide the face into left and
right halves. Using this midline as a reference point, the system compares corresponding features
across sides and applies geometric and statistical calculations to quantify deviations in
alignment, proportionality, and structural balance. These deviations are incorporated into a final
symmetry percentage score, which is converted into decimal form and recorded as that Al tool’s

beauty score.

To reduce measurement error, minimize reliance on any single algorithm, and address the
possibility of Al hallucinations or day-specific output variability, each standardized roster
photograph was evaluated three separate times on different days. The three resulting scores are
averaged to produce a symmetry measure for each player. Standardized roster photographs

improve comparability across players.
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An additional consideration is algorithmic bias in the Al-based facial symmetry tools.
Although the systems are designed to provide objective, geometry-based evaluations of facial
structure, they are trained on large image datasets that may reflect historical and societal biases
related to race and ethnicity. If the underlying training data disproportionately represent certain
facial features or demographic groups, the resulting symmetry or attractiveness scores may vary
across racial groups for reasons unrelated to the actual geometric symmetry. While this study
minimizes subjectivity by relying on computational landmark detection on the face and
standardized photographs, the possibility remains that embedded data biases influence score
outputs. Therefore, the beauty metric should not be interpreted as a universal neutral measure of
attractiveness, but instead an algorithmically constructed number and results are evaluated with

this limitation in mind.

In addition to facial symmetry, player height (measured in inches) is included as a
complementary physical attribute. Height is included as a robustness check, as it is correlated
with perceived attractiveness and social valuation (Sheppard & Stratham, 1989). Including
height allows the analysis to distinguish facial attractiveness effects from broader physical

characteristics that may influence compensation.

Salary is measured as the natural logarithm of base salary. The logarithmic
transformation reduces skewness in the salary distribution. Player performance variables,
including games played, minutes played, and total points scored excluding free throws, are
included to control for on-court productivity and ensure that any estimated beauty premium does
not simply reflect athletic performance. Age proxies for experience and career stage, while
height captures physical attributes associated with both performance and perceived

attractiveness. Institutional controls are included to account for structural determinants of
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compensation, including rookie-scale contract constraints, international entry pathways, team-
level pay structures, prior team performance, and year-specific league effects. These variables
enter directly into the econometric specification as controls to isolate the partial association

between facial symmetry and compensation.

The dataset offers several advantages for estimating the beauty premium in a professional
sports context. First, the use of publicly available data ensures transparency and replicability.
Second, detailed performance statistics allow for precise control of productivity, reducing
concerns that beauty measures proxy for athletic performance. Third, the WNBA provides a
relatively homogeneous institutional setting with standardized contract structures, limiting
confounding variation in compensation rules. While the analysis does not directly measure off-
court revenue channels such as sponsorships, media exposure, or merchandise sales, the
empirical strategy tests whether attractiveness predicts compensation conditional on observable
performance. Any remaining association may be picking up unobserved revenue contributions,

perceptual biases, or both.

The rookie contracts account for league structural constraints on player salaries that are
unrelated to on-court performance or individual characteristics. Rookie contracts impose fixed
salary ranges based on draft position and years of experience, limiting wage variation among
early-career players. Without accounting for these constraints, the model may attribute salary
differences to performance even when they are determined by league rules. To address this issue,
an indicator for rookie status is included. International players are identified separately, as they
may enter the league outside the draft system and face different initial contract conditions. These

controls ensure that comparisons are made among players with similar contractual flexibility.
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Several limitations should be acknowledged. First, although facial symmetry is generally
stable in adulthood, assuming beauty remains constant over time may introduce minor
measurement error. Second, the sample may overrepresent players with longer careers or higher
visibility, as marginal players may lack complete data. Third, although algorithmic measures
reduce subjectivity, Al-based beauty metrics may reflect biases in the underlying training data.
Finally, although the models include extensive controls, the results should be interpreted as
conditional associations rather than causal relationships, due to potential omitted variable bias.
While performance controls mitigate omitted-variable bias, it remains possible that attractiveness

influences media exposure or playing opportunities, which in turn affect compensation.

As shown in Figure 1, the distribution of base salaries is right-skewed, with a
concentration of players earning between approximately $60,000 and $100,000 and a thinner
upper tail approaching the league maximum near $250,000. This skewness motivates the use of
the natural logarithm of salary in the empirical analysis, which reduces heteroskedasticity and

allows coefficients to be interpreted in percentage terms.

Figure 2 plots beauty and log salary across 2022—-2025. Facial symmetry shows a small
but consistently positive association with log base salary, as indicated by the slightly upward-
sloping fitted lines in each year. However, the relationship appears weak, with substantial

dispersion in salaries at all symmetry levels and greater variability emerging in 2025.

Summary statistics for the full sample are presented in Table 1. The mean Al-generated
PrettyScale symmetry score is 0.604 with a standard deviation of 0.112, indicating meaningful
cross-sectional variation in measured facial symmetry across players. The average player is

27.16 years old and 72.48 inches tall. Approximately 23% of players are identified as
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international by the WNBA, and 38% remain on rookie-scale contracts. Nearly 90% have NCAA
experience, reflecting the dominant collegiate pipeline into the league. Players average 30.7
games per season and approximately 696 total minutes played, scoring an average of 107.9 total
points. The mean prior-season team rank is 6.62, and 63% of players are coached by female head

coaches, capturing institutional and team-level variation in compensation structures.

Table 2 reports the positional distribution of players. Guards make up the largest share of
the sample (51%), followed by forwards (31%), and centers (12%), with hybrid roles

representing a small portion.

To further explore baseline differences, Table 3 compares observable characteristics
between players above and below the median beauty score. There is no statistically significant
unconditional difference in log salary between high- and low-beauty players, suggesting no raw
beauty premium in compensation. However, beauty is correlated with several observable
characteristics. High-beauty players differ significantly in age, height, international status, and
rookie contract status, and exhibit differences in total points and total minutes played. These
patterns indicate that attractiveness is not randomly distributed across performance and career

attributes.

Overall, while facial symmetry varies meaningfully across players, any potential beauty
premium cannot be inferred from unconditional comparisons. Instead, the observed correlations
between beauty, performance, and institutional characteristics underscore the necessity of a
multivariate regression framework. The subsequent analysis therefore estimates the conditional
association between facial symmetry and compensation, controlling for productivity, experience,

institutional constraints, and team- and year-level factors.
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Economic Specification

This section outlines the empirical strategy used to examine the relationship between
player attractiveness and WNBA salaries. Because facial symmetry (used as a proxy for
attractiveness) is time-invariant, a panel fixed effects framework is not appropriate. Instead, the
analysis relies on cross-sectional regressions estimated separately for each year, in addition to
salary growth models that relate baseline player characteristics to subsequent changes in
compensation. All models are estimated using ordinary least squares (OLS). The cross-sectional
approach enables the estimation of the relationship between attractiveness and salary within each
season, while also allowing for an assessment of how initial characteristics predict salary growth
over time. Estimating regressions separately by year further facilitates comparisons in salary
determination across seasons, while preserving the ability to estimate the effects of time-
invariant characteristics such as attractiveness. The resulting coefficients are interpreted as
conditional associations between attractiveness and salary outcomes, holding observed
characteristics constant. A summary of all model specifications is provided in Equations 1

through 5.
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(1) Baseline
In(Salary;.) = a, + B(Pretty;.) + &;
(2) With Controls
In(Salary;;) = a; + B(Pretty;;) + AX'is + &

(3) Growth Definition

Aln(Salary;) = In(Salary; 2025) — In(Salary; 202,)
(4) Growth Regression

Aln(Salary;) = a+ BPretty;om + AX'i2022 + &

(5) Controls
(6) X';; = (CGen;,, Rank;,_,, Height,., Age;;, Interna;,, GPlay;,,In (Min;;),In (Pts;;), NCAA;;)

Equations (1) and (2) present the baseline cross-sectional specifications. Equation (1)
estimates the relationship between attractiveness and salary within each season without
additional controls, while Equation (2) incorporates player characteristics, performance
measures, and institutional factors. The dependent variable is the natural logarithm of salary,
which reduces skewness and allows coefficients to be interpreted approximately as percentage
changes. The coefficient on the beauty measure captures the association between a one standard
deviation increase in attractiveness and salary within a given year. Estimating these regressions
separately for each season from 2022 to 2025 allows the relationship between attractiveness and
compensation to vary over time.

To examine whether attractiveness influences career progression rather than salary levels,
the analysis considers salary growth over time. Equation (3) defines log salary growth between
2022 and 2025, while Equation (4) estimates the relationship between attractiveness and salary
growth as a function of baseline player characteristics measured in 2022. This specification tests

whether initial attributes, including attractiveness, predict earnings trajectories. Using baseline
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(2022) characteristics helps mitigate reverse causality, as these variables are predetermined
relative to subsequent salary growth.

The control vector, defined in Equation (5), includes height, age, international status,
college experience, coach gender, rookie contract status, games played, total minutes, total
points, and prior season rank. These variables capture productivity, experience, and institutional
constraints that are central to salary determination in the WNBA. Total points scored and total
minutes played are log-transformed, following prior literature. Robust standard errors are used in
all regressions to account for potential heteroskedasticity in the error terms. This ensures that
statistical inference is valid even if the variance of the error term differs across players. All
reported p-values and significance levels are based on these heteroskedasticity-robust standard
errors.

The estimated coefficients should be interpreted as conditional associations rather than
causal effects. Although the inclusion of detailed controls accounts for observable differences
across players, unobserved characteristics, such as personality, media presence, or marketability,
may still be correlated with both attractiveness and salary, potentially leading to omitted variable
bias. One potential concern in this analysis is endogeneity. Attractiveness may be correlated with
unobserved factors that also affect salary, such as natural talent, confidence, media attention,
personality, or marketability. If these characteristics are not fully captured by the control
variables, the estimated effect of beauty may reflect omitted traits rather than a true relationship,
leading to omitted variable bias. Measurement error in the beauty variable may also weaken the
estimated relationship.

In addition, WNBA salaries are determined within a highly regulated system

characterized by a binding salary cap and structured contract rules. These institutional constraints
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limit the extent to which non-performance characteristics can be reflected in base salary. As a
result, even if attractiveness affects off-court outcomes such as endorsements or fan engagement,

these effects may not translate directly into observed salary differences.

Results

This section presents the empirical findings assessing whether a beauty premium exists in
WNBA base salaries from 2022 to 2025. The central question is whether facial attractiveness,
measured through symmetry scores, is associated with player compensation after accounting for
performance, experience, and institutional constraints. The analysis examines baseline
relationships, controlled regressions, salary growth, and positional heterogeneity, allowing for a

comprehensive evaluation of the effects of attractiveness on earnings.

Starting with the baseline results in Table 4, there is no clear relationship between facial
symmetry and salary across seasons. The coefficients fluctuate in sign, positive in 2022, negative
in 2023 and 2024, and slightly positive again in 2025, indicating no consistent unconditional
correlation between attractiveness and salary. This lack of stability matters. It suggests the
relationship is weak and likely driven by noise or omitted factors. In other words, attractiveness
does not appear to systematically predict compensation when considered in isolation. These
results provide little initial evidence in support of a general beauty premium and are consistent
with economic theory suggesting that compensation in professional sports should reflect
marginal revenue product when performance is observable (Rosen & Sanderson, 2001; Berri et

al., 2015).

Descriptive statistics further reinforce this conclusion. As shown in Table 3, there is no

statistically significant difference in log salary between high- and low-beauty players in simple
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mean comparisons. However, this table also reveals that attractiveness is not randomly
distributed across players. High-beauty players differ significantly in characteristics such as age,
height, international status, and rookie contract status. These differences suggest that
attractiveness may be correlated with other attributes that influence salary, even if it does not
directly affect compensation itself. For example, taller players or players earlier in their careers
may systematically differ in both appearance and contract structure. This highlights the
importance of controlling for confounding variables when estimating the relationship between
attractiveness and earnings. Similarly, the summary statistics in Table 1 show substantial
variation in salary across players, but this variation aligns more closely with performance
indicators and experience rather than facial symmetry. Taken together, these descriptive results
suggest that any observed association between beauty and salary in raw data is likely driven by
underlying differences in productivity or institutional factors, rather than a direct beauty

premium.

Once performance, demographic, and contract-related controls are introduced, the results
become more nuanced. The controlled regressions in Table 5 show that attractiveness remains
statistically insignificant in most years, indicating that once productivity and institutional
constraints are accounted for, beauty does not play a meaningful role in determining salary.
However, the coefficient becomes positive and statistically significant in 2025, suggesting the
emergence of a small conditional beauty premium in the most recent season. One possible
explanation is that recent growth in the WNBA, including increased media coverage, expansion,
and rising fan engagement, has begun to strengthen the role of marketability in player valuation.
As the league becomes more commercially visible, traits that enhance audience appeal, such as

attractiveness, may begin to carry greater economic weight. This interpretation is consistent with
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research highlighting the role of consumer demand and media exposure in generating returns to

attractiveness (Dietl et al., 2020; Meier & Konjer, 2015).

At the same time, the lack of consistency across years suggests that this effect is not
stable or embedded in the salary structure. Rather than indicating a structural shift, the 2025
result may reflect short-term changes. It is also possible that this effect is capturing unobserved
factors correlated with attractiveness, such as media presence, charisma, or branding ability,
which are not directly measured in the model. As a result, while the 2025 finding introduces an
important nuance, it does not overturn the broader conclusion that attractiveness is not a

consistent determinant of salary in the WNBA.

The results for salary growth provide further evidence on the dynamic effects of
attractiveness. As shown in Table 6, the coefficient on attractiveness in the salary growth
regression is statistically insignificant, indicating that more attractive players do not experience
faster salary growth over time. This finding is particularly informative because it addresses
whether attractiveness generates cumulative advantages over a player’s career. If beauty were an
important factor in shaping long-term economic outcomes, one would expect more attractive
players to experience faster wage growth as they gain visibility and marketability. However, the
absence of such an effect suggests that attractiveness does not translate into sustained economic

advantages within the WNBA salary structure.

Instead, salary growth appears to be driven primarily by performance-related variables
and career dynamics. Variables such as total minutes played and games played are significant
predictors of growth, while age is negatively associated with salary increases, consistent with the

idea that players reach peak earnings earlier in their careers. These findings align with standard
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human capital models, where earnings growth reflects productivity, experience, and career stage
rather than exogenous personal characteristics. The absence of a beauty effect in growth models
also contrasts with theories of cumulative advantage (Merton, 1968; Rosen, 1981), which
suggest that initial advantages should compound over time. In the WNBA context, such
mechanisms appear to be limited, likely due to the institutional constraints of the collective

bargaining agreement that restrict wage dispersion.

A more nuanced pattern emerges when examining heterogeneity across positions. The
position-specific regressions reported in Table 7 reveal that attractiveness is positive and
statistically significant for guards, with estimates indicating that a one standard deviation
increase in beauty is associated with approximately a 22 percent higher salary in 2025. In
contrast, the coefficients for centers and forwards are statistically insignificant. This finding
suggests that the economic returns to attractiveness are not uniform across players, but instead

depend on role-specific characteristics.

One plausible explanation for this pattern is differences in visibility and engagement
across positions. Guards typically handle the ball more frequently, generate highlights, and play
a central role in offensive playmaking. As a result, they are more visible to fans, media, and
sponsors. In such contexts, attractiveness may enhance a player’s marketability, increasing their
perceived value to teams and the league. This interpretation is consistent with prior research
showing that attractiveness premiums are more likely to emerge in high-visibility roles or among
“superstar” players (Berri et al., 2011; Parshakov et al., 2024). It also aligns with broader
theories of consumer-driven valuation, where traits that attract audience attention can influence

economic outcomes even when performance is observable.
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However, it is important to note that this effect is limited to a specific subset of players
and does not generalize across the league. The absence of significant effects for centers and
forwards suggests that attractiveness does not universally influence salary but rather operates
through context-specific channels. This reinforces the broader conclusion that beauty premiums

are conditional and dependent on role, visibility, and institutional context.

Across all specifications, performance-related variables consistently explain salary
variation. As seen in Table 5, metrics such as total points, games played, and age exhibit strong
and often statistically significant relationships with salary, while rookie contract status shows a
negative effect due to institutional constraints. These findings highlight the central role of
productivity and experience in determining compensation. Even in cases where attractiveness
shows localized effects, its influence is small relative to performance metrics, indicating that

teams prioritize measurable output when allocating salaries.

Overall, the results provide little evidence of a systematic beauty premium in WNBA
base salaries. While Table 4 and Table 5 show no consistent relationship between attractiveness
and salary, Table 7 reveals a localized effect among guards, and Table 6 confirms that
attractiveness does not influence salary growth. Taken together, these findings suggest that the
relationship between attractiveness and compensation is conditional, context-dependent, and
secondary to performance. The absence of a broad beauty premium, combined with limited role-
specific effects, highlights the importance of institutional constraints, particularly the salary cap
and contract structure, in shaping how non-performance traits translate into earnings. In this
setting, even if attractiveness generates economic value, it is unlikely to be reflected directly in

base salary.
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Conclusion

This study examines whether a beauty premium exists in WNBA salaries by analyzing
the relationship between facial attractiveness and player compensation from 2022 to 2025. The
primary objective was to determine whether non-performance traits, specifically facial
symmetry, are reflected in wages after accounting for productivity, experience, positional roles,
and institutional constraints. The findings indicate that there is no consistent evidence of a beauty
premium in WNBA base salaries. Across most specifications, attractiveness is not a statistically
significant predictor of salary levels or salary growth, suggesting that compensation is largely

determined by performance metrics and league-imposed constraints rather than appearance.

These results contribute to the broader literature by demonstrating that beauty premiums
are not universal but instead depend on the institutional structure of the labor market. In many
settings, including traditional labor markets and less regulated sports environments,
attractiveness has been shown to positively influence earnings. However, the WNBA provides a
unique context in which salaries are tightly constrained by a binding salary cap and standardized
contract rules. These institutional features limit wage dispersion and reduce the ability of teams

to reward non-performance traits, even when such traits may contribute to revenue generation.

At the same time, the analysis identifies important nuances. The emergence of a positive
and statistically significant effect in 2025, along with a strong effect among guards, suggests that
attractiveness may matter in specific contexts. Roles with higher visibility and greater fan
engagement appear more likely to generate returns to attractiveness. This highlights the
importance of considering heterogeneity within labor markets, as the impact of non-performance

traits may vary across roles, rather than applying uniformly to all workers.
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The findings also suggest that the economic value of attractiveness may operate through
channels not captured by base salary. In professional sports, players generate value not only
through on-court performance, but also through fan engagement, media presence, and
commercial partnerships. While these factors may increase a player’s overall economic value,
they are not necessarily reflected in base salary, particularly in a constrained system like the
WNBA. Instead, these returns may be realized through endorsements, sponsorship deals, and
personal branding opportunities. This distinction underscores the importance of considering

multiple dimensions of compensation when evaluating the economic impact of attractiveness.

More broadly, the results highlight the role of institutional constraints in shaping labor
market outcomes. In environments where employers have limited discretion over wages, such as
salary-capped leagues, the impact for appearance-based wage differentials is reduced. This
suggests that policy and institutional design can influence the extent to which non-performance
traits affect economic outcomes. In this sense, the absence of a beauty premium in the WNBA

may reflect structural constraints rather than the absence of underlying economic mechanisms.

Several limitations should be acknowledged. The measure of attractiveness relies on Al-
generated facial symmetry scores, which may not fully capture subjective perceptions of beauty
and may reflect biases in training data. Additionally, the analysis focuses exclusively on base
salary and does not include endorsement income, sponsorships, or media exposure, where
attractiveness may have a stronger effect. The sample is also limited to players with available
images, and the results should be interpreted as associative rather than causal due to potential

omitted variables.
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Future research could extend this analysis by incorporating off-court earnings and
measures of media visibility to better capture the full economic impact of attractiveness.
Examining how beauty influences fan engagement, endorsements, and career trajectories would
provide further insight into the indirect channels through which appearance affects outcomes.
Comparative analyses across leagues and between men’s and women’s sports would also help
clarify how institutional constraints shape the presence or absence of beauty premiums. In
addition, examining differences across racial groups and considering how norms around
masculinity affect perceptions of attractiveness could provide a more complete understanding of

these patterns.

An important consideration for interpreting these findings is the evolving institutional
environment of the WNBA, particularly recent developments in collective bargaining. The
current analysis reflects a period in which the league operates under a relatively tight salary cap
and highly structured compensation system of 1.5 million dollars per team. However, ongoing
discussions and recent changes in collective bargaining agreements aim to expand player
compensation, including increases to the salary cap, improved revenue sharing, and greater
flexibility in contract structures. As these reforms take effect, teams may gain more discretion in
allocating salaries beyond strict performance-based metrics. This could create conditions under
which non-performance traits, such as attractiveness, marketability, and media presence, play a
larger role in compensation. In this sense, the absence of a consistent beauty premium observed
in this study may be specific to the current institutional framework rather than a permanent
feature of the league. As the WNBA continues to grow commercially and structurally, future
salary systems may allow for greater differentiation based on player visibility and off-court

value, potentially strengthening the channels through which attractiveness influences earnings.
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Overall, this study finds that attractiveness does not systematically translate into higher
base salaries in the WNBA, largely due to institutional constraints. However, the presence of
emerging and role-specific effects suggests that beauty may still matter in certain contexts,
particularly where visibility and marketability are highest. These findings reinforce the broader
conclusion that the economic value of attractiveness is not universal but depends fundamentally

on how labor markets are structured.
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Tables & Figures:

Figure 1: Distribution of WNBA Base Salaries (2022—-2025)
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Figure 3: Marginal Effects of Attractiveness on Log Salary by Position

Average Marginal Effects of Standadized Pretty Scale Beauty Score
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Table 1: Summary Statistics for WNBA Players (2022—-2025)
Mean SD N
Age (Years) 27.163 4.098 435
Facial Symmetry Score 0.604 0.112 435
Log Salary 11.405 0.835 435
Height (Inches) 72.48 3.26 435
International (= 1) 0.234 0.424 435
Rookie Contract (= 1) 0.384 0.487 435
NCAA Experience (= 1) 0.899 0.302 434
Games Played 30.699 11.024 435
Prior Season Rank 6.617 3.444 423
Total Minutes Played 695.986 395.281 435
Total points Scored 107.894 85.235 435
Female Head Coach (= 1) 0.63 0.483 435

Note: The 2025 season includes the expansion of the league with the addition of the Golden State Valkyries. Prior season
performance measures are unviable for the franchise thus the smaller sample size for “prior season rank.”



Table 2: Positional Distribution of Players

WNBA Position Freq. Percent
Center 57 13.10
Forward 146 33.56
Guard 232 53.33
Total 435 100.00

Positions are taken from WNBA website; Players are categorized
by primary position

Table 3: Comparison of Player Characteristics by Beauty Group
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Low Beauty High Beauty Difference (Low-High)
Log Salary 11.415 11.397 0.018
(0.824)
Age (Years) 27.678 26.741 0.938**
(0.017)
Height (inches) 71.995 72.879 -0.884***
(0.005)
International Player (=1) 0.174 0.285 -0.111%**
(0.005)
Rookie Contract (=1) 0.327 0.431 -0.104**
(0.025)
NCAA Experience (=1) 0.923 0.878 0.045
(0.113)
Games Played 30.745 30.661 0.084
(0.937)
Log Total Minutes Played 6.311 6.163 0.147
(0.137)
Log Total Points Scored 4.358 4.208 0.149
(0.166)
Prior Season Rank 6.907 6.369 0.539
(0.108)
Female Head Coach (=1) 0.633 0.628 0.005
(0.914)
Notes: This table reports differences in means between Ilow and high beauty groups.

t-statistics are reported in parentheses. p<0.10, ** p<0.05, *** p<0.01.



Table 4: Cross Sectional Regression by Year

Log Salary 2022. 2023. 2024 2025

Pretty Scale 0.104 -0.003 -0.015 0.031
(0.489) (0.954) (0.714) (0.693)

Constant 11.322%** 11.615%** 11.599*** 11.198***
(0.000) (0.000) (0.000) (0.000)

*xk n< 01, ** p<.05, * p<.1

Table 5: Cross-Sectional Regression with Controls

Log Salary 2022 2023 2024 2025
Pretty Scale 0.078 -0.014 0.028 0.118**
(0.084) (0.031) (0.031) (0.056)
Height (inches) 0.05** 0.012 0.013 0.029
(0.021) (0.0112) (0.009) (0.019)
Age 0.04* 0.025** 0.029*** 0.021
(0.021) (0.0112) (0.011) (0.029)
International (=1) 0.411 -0.048 -0.188** -0.262
(0.279) (0.12) (0.084) (0.254)
College (=1) 0.428* -0.064 0.0000 -0.221
(0.233) (0.118) (0.104) (0.268)
Rookie Contract (=1) -0.499** -0.337*** -0.385*** -0.112
(0.192) (0.097) (0.091) (0.249)
Games Played 0.047 -0.006 -0.011* 0.024*
(0.028) (0.006) (0.006) (0.013)
Log (Total Minutes) 0.191 -0.014 0.108 0.111
(0.426) (0.073) (0.105) (0.109)
Log (Total Points) -0.122 0.279*** 0.086* 0.165**
(0.297) (0.065) (0.069) (0.077)
Prior Season Rank 0.035 -0.007 0.002 -0.021
(0.021) (0.01) (0.009) (0.018)
Female Coach (=1) -0.025 0.000 0.002 0.03
(0.141) (0.086) (0.061) (0.138)
Constant 4.152* 9.851*** 9.934*** 6.857***
(2.453) (0.996) (0.834) (1.407)

Beauty Scores have been standardized *** p<.01, ** p<.05, *

p<.1l



Table 6: Log Salary Growth 2022-2025

Log (Salary Growth) Coef. p-value Sig
Pretty Scale 0.000 0.005
Height (inches) -0.03 0.299
Age -0.097 0.011 **
International (=1) -0.404 0.131
College (=1) -0.29 0.374
Rookie (=1) 0.152 0.409
Games Played -0.061 .008 il
Log (Total Minutes) 0.642 0.006 Fhx
Log (Total Points) -0.48 0.134
Prior Season Rank -0.028 0.154
Female Coach (=1) -0.103 0.587
Constant 7.649 0.005 il

Beauty Scores are standardized for interpretation. *** p<.01, ** p<.05, * p<.1
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Table 7: Regression by Positions (2025)
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Log Salary Center Guard Forward
Pretty Scale 0.007 0.22** -0.009
(0.947) (0.039) (0.929)
Height (Inches) 0.069 0.006 0.093
(0.175) (0.917) (0.355)
Age -0.04 -0.015 0.077
(0.432) (0.753) (0.127)
International (=1) -0.086 -0.581 0.015
(0.473) (0.35) (0.974)
College (=1) 0.34 -0.635 -0.156
(0.195) (0.373) (0.717)
Rookie (=1) -0.842* -0.316 0.375
(0.088) (0.544) (0.35)
Games Played 0.03 0.016 0.042*
(0.188) (0.421) (0.094)
Log (Total Minutes) -0.134 0.24* -0.096
(0.56) (0.093) (0.843)
Log (Total Points) 0.115 0.248 0.149
(0.502) (0.14) (0.677)
Prior Season Rank -0.082* -0.023 -0.006
(0.067) (0.495) (0.844)
Female Coach (=1) -0.34 -0.014 0.221
(0.322) (0.944) (0.383)
Constant 7.313* 9.072*** 0.723
(0.081) (0.004) (0.922)

% < 01, ** p<.05, * p<.1
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